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Abstract
While many policy process theories mention emotions, they have remained mostly unexplored 

theoretically and empirically, even as broader social science literature incorporates emotions 

into understanding policy process-related phenomena such as political beliefs and behaviors. 

�is paper introduces the theoretical arguments and a method for studying advocacy coalitions 

using a combination of emotions and beliefs within the Advocacy Coalition Framework. An ap-

plication is illustrated in a natural gas pipeline siting conflict in the US using data from news 

media coverage. �e empirical results show that coalitions express emotions and beliefs differ-

ently, and that the dyadic relationship between emotions and beliefs significantly distinguishes 

coalitions rather than emotions by themselves. �is paper takes a significant step forward in 

integrating emotional and belief expressions into the ACF, adding to coalition identification 

methods, providing a foundation for advancing theory, and contributing to the broader com-

munity of policy studies.
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Introduction

Emotions permeate all aspects of human experience, in�uencing behaviors, values, and under-

standing. Consequently, in the study of politics and policy, there has been growing interest in 

studying emotions’ role in various areas such as political behavior, argumentation, the forma-

tion of political beliefs, intransigent policy con�icts, and how individuals and groups in�uence 

policy (Maia & Hauber, 2020; Pierce, 2021; Durnová, 2022; Verhoeven & Metze, 2022; Crow & 

Jones, 2018). We continue this trajectory by situating emotions, in conjunction with beliefs, 

as a viable part of researching advocacy coalitions in policy processes. �is paper introduces a 

method of studying coalitions via emotions and beliefs and illustrates it in a con�ict around 

the issue of siting energy infrastructure.

To advance the study of emotions in policy process scholarship, we utilize the Advocacy Coali-

tion Framework (ACF) (Nohrstedt et al., 2023). For about four decades, the ACF has been in-

strumental in enhancing our understanding of advocacy coalitions, learning, and policy change 

(Weible et al., 2008; Pierce et al., 2017). Applications of the ACF number in the hundreds and 

span the globe (Ohno, 2022; Osei-Kojo et al., 2022; Gronow et al., 2021; Ruysschaert & Hufty, 

2020; Aamodt & Stendsal, 2017). It has been applied across democratic and non-democratic 

governance arrangements (Li & Weible, 2020; Hughes & Meckling, 2017), from subnational 

to international scales of government (Rietig, 2016; Elgin & Weible, 2013), and to a variety 

of policy issues. �e ACF continues to push forward diverse methods and approaches (Elgin & 

Weible, 2013; Satoh et al., 2021; Howe et al., 2021) and is compatible when used in combina-

tion with other theories and approaches across social science disciplines (Ydersbond, 2018; 

Markard et al., 2015).

One of the lessons from these decades of scholarship is that advances in the methods of the 

ACF often precede advances in its theories (Weible & Workman, 2022). We see this in the 

original development of legislative coding procedures (Sabatier & Jenkins-Smith, 1993; pp. 

247-251), laying the foundation for using text to analyze belief systems of advocacy coali-

tions. Similarly, Zafonte and Sabatier (1998) brought network analysis to the ACF to reveal 

the relational structures of coalitions, paving the way for the study of coordination networks 

and belief homophily. Discourse Network Analyzer (DNA) provided a tool for coding beliefs in 

the public discourse (Leifeld, 2013), spurring innovative research on coalitions’ expressions in 

the news media and in policy-related testimonies and hearings (e.g., Kukkonen et al., 2018; 

Schmid et al., 2020; Nam et al., 2022). More recently, Satoh et al.’s (2021) development of the 

Advocacy Coalition Index provides one of many standardized procedures for comparing coali-

tions. �e same pattern can be found outside the ACF, especially in the development of meth-

ods for analyzing institutions (Siddiki et al., 2021) and narratives (Shanahan et al., 2018). �is 

paper continues this trend of advancing theory with sharper methods via a new starting point, 

through Emotion-Belief Analysis (EBA) in the public discourse. 

�is paper begins by establishing the theoretical underpinnings for studying emotions and 

beliefs in the ACF. �is includes revisiting the ACF’s model of the individual and elucidating key 

concepts, particularly feelings or a�ect and emotional expressions and their interdependence 

with belief systems. �e methods section then furnishes the operational guidance for conduct-

ing EBA-style analyses under the ACF. As elaborated in the methods, in employing EBA, the 

focus is on how coalition members express their emotions and beliefs in the public discourse 

rather than on their actual feelings or genuine beliefs. �e EBA approach draws upon similar 

techniques in the sociology of emotions, the study of emotions and political behavior, and 

recent policy-related empirical work using positivist and interpretive methods (Rogers & Rob-
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inson, 2014; Brader & Marcus, 2013; Bustinza & Witkowski, 2022; Durnová, 2019; Durnová 

& Weible, 2020; Verhoven & Duyvendak, 2016; Pierce, 2022; Yordy et al., 2023; Gabehart et 

al., 2023; Fullerton et al., 2023; Fullerton & Weible, 2024). We then illustrate how to code 

emotional-belief expressions in a case involving the controversial construction of a natural gas 

pipeline in the United States using coalition member expressions in the news media from 2014 

to 2017. �e conclusion lays out a future research agenda using EBA in the ACF and beyond.

�e �eoretical Foundations for Studying Emotions and Beliefs in the 
ACF

While the literature describes “emotions'' in myriad and inconsistent ways, we adopt speci�c 

de�nitions. We distinguish between a�ect and emotions, with a�ect de�ned as biological/physi-
ological feelings that are often ambivalent, amorphous, and not easily observable to anyone, even 
those experiencing them (Mercer, 2010). We de�ne emotional expressions (or just emotions) as 

a�ects communicated (and thus observable) through language or other behavioral phenomena (Neu-

man et al., 2007; Solomon, 2012; Rogers & Robinson, 2014; Durnová, 2019). �e paper aims 

to incorporate a�ect and emotions into the ACF via EBA. �is necessitates both theoretical 

elaborations for the more abstract and often unobservable concept of a�ect (e.g., how does the 

concept of a�ect �t within the theoretical infrastructure of the ACF?) and operational guidance 

for empirical research for the more concrete, observable concept of emotions (e.g., how can the 

phenomenon of emotions be studied under the ACF?). �is section deals primarily with the 

theoretical elaborations and the methods section focuses on the operational guidance.

A�ect is linked to to the ACF’s theoretical assumptions about individuals. Like most policy pro-

cess theories (see also Boettke & Coyne, 2005; Petridou & Mintrom, 2020; Weible, 2023), the 

ACF adopts a modi�ed version of methodological individualism as its foundation for agency – 

that is, only people have agency, and thus, descriptions and explanations of the policy process 

lie with people. However, the ACF’s assumption of agency is not devoid of context. Indeed, 

the textbook version of the ACF assumes that its agents are subjected to the opportunities 

and constraints of their contexts while simultaneously attempting to in�uence those same 

opportunities and constraints to advantage their coalition and disadvantage their opponents.

�e ACF’s agents are then assumed to be boundedly rational; they are limited in their cognitive 

capacity to perceive, assimilate, and process information from their environment and make 

decisions (Simon, 1957; Jones, 2001). �e critical driver of cognition – i.e., how people think – 

for the ACF’s boundedly rational individuals are beliefs, which are conceptualized and modeled 

as a three-tiered belief system featuring deep core beliefs (e.g., fundamental values and identi-

ties), policy core beliefs (e.g., general policy positions and views of problems), and secondary 

beliefs (e.g., instrumental beliefs for achieving policy core beliefs). �e ACF describes people’s 

belief systems as closely entwined with people’s sense of self and as the source for forming 

and maintaining in-groups and out-groups called advocacy coalitions. Advocacy coalitions are 

thus informal alliances of government and non-government individuals bound together by 

their shared belief systems and against threats from opponents with di�erent belief systems 

(Nohrstedt et al., 2023). Of these three belief system categories and given their pertinence 

to the policy issue at hand, policy core beliefs serve as the principal glue binding coalitions 

together (Nohrstedt et al., 2023).

�e ACF’s argument for the primacy of belief systems implicitly incorporates feelings or a�ect, 

which partly provides the mechanisms for the longevity of coalitions over time and how people 

in coalitions overcome the threats to collective action inherent in all political activities (see 
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similar arguments in Sabatier & Weible, 2007, p. 197). For instance, there is a visceral connec-

tion between belief systems and the self: deep core beliefs are akin to religious convictions, and 

policy core beliefs consist of normative and empirical dimensions rooted in people's feelings of 

concern for others or even ideas or understandings pertinent to the policy subsystem (Sabatier 

& Jenkins-Smith, 1999, p. 133). �us, people are intimately attached to their belief systems, 

which is one of the reasons why they resist change and are motivated to promote and defend 

them. Another instance comes from Prospect �eory (Kahneman & Tversky, 2013), which 

states that people remember losses to their opponents more than gains among their allies and, 

therefore, exaggerate the maliciousness and power of their opponents. �e result is the ACF’s 

original "devil shift" concept, which assumes that people's fear or threats from opponents lead 

to exaggerating the costs imposed by their opponents' behavior and disproportionate respons-

es (Sabatier et al., 1987). Similarly, the ACF created the “angel shift,” where people exaggerate 

the virtues and power of their allies (Leach & Sabatier, 2005). �us, for the ACF, the visceral 

association between a�ect and belief systems and between a�ect and interpretations of allies 

and opponents make advocacy coalitions an intransigent political force in policy processes.

�roughout these explanations, the ACF establishes a theoretical link between a�ect or feel-

ings and individuals' belief systems. For example, individuals’ compassion for a target popula-

tion or their fear of opponents’ policy proposals can motivate their political mobilization and 

the formation of an advocacy coalition. �e primary focus is on the dual relationship between 

the ACF’s belief systems and a�ect in individuals’ minds. �e interplay of belief systems and af-

fect, including how a person thinks cognitively, builds on the sociopsychology literature (Neu-

man et al., 2007; Stets & Turner, 2014). For example, it echoes Mercer’s (2010) arguments 

about the interdependence of beliefs and a�ect. It also mirrors Pessoa (2008), who intercon-

nects how people think (i.e., cognition) and a�ect, and the Narrative Policy Framework that 

stipulates that emotions precede cognition and narration (Jones et al, 2023, p. 168). While we 

might not know precisely how people think or feel, or whether we feel before we think or think 

before we feel, we know these mental processes occur almost simultaneously and essentially in 

tandem, making emotions central to decision-making and action (Jones, 2001; Jasper, 2011).

Given the theoretical interdependence of a�ect and beliefs in the ACF, the operationalization 

of these concepts must follow suit. As elaborated on in the methods section, studying emotion-

al expressions should occur in tandem with belief expressions. For example, the study of deep 

core, policy core, or secondary belief expressions can be identi�ed and then linked to emotional 

expressions (Gabehart et al, 2023; Fullerton and Weible, 2024). For example, a statement ex-

pressing the policy core beliefs about the proposed route for a natural gas pipeline might be 

associated with the emotion of fear (i.e., I’m scared about the proposed pipeline route). �e 

combination of expressed emotions and belief systems are called “emotion-belief dyads.”  �is 

paper examines three categories of policy core beliefs, one related to the pipeline project in 

general, one related to the risks and bene�ts associated with the pipeline, and one related to 

the pipeline’s location. 

Given the novelty of studying emotional expressions and advocacy coalitions, we o�er no hy-

potheses about the speci�c frequency or patterns of emotions (e.g., anger or fear) of coalitions. 

Rather, we o�er a case study in which we explore the operationalization of the emotion-belief 

dyad and provide descriptions of the results. Moreover, while coalitions might di�er in some 

emotional expressions and policy core beliefs (e.g., an anti-pipeline coalition ought to express 

more anger about the pipeline compared to the pro-pipeline coalition), the coalitions might or 

might not di�er in other emotional expressions and policy core beliefs (e.g., both coalitions 
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might express feelings of uncertainty or obligation about the pipeline). �us, we o�er advance-

ment in the EBA method — a reasonable goal when introducing a new method based on a sin-

gle empirical case study. We then aim to build a better theory about the patterns and frequency 

of emotional expressions and the belief system of the ACF after several empirical applications 

in diverse settings and using di�erent data sources. 

Methods

Case Selection

Our analysis uses the Nexus Gas Transmission Pipeline project in the United States as a case 
study of public discourse in the news media. �is pipeline spans 257 miles across Ohio and 
Michigan and delivers natural gas to markets in the midwestern United States. News media 
surrounding this pipeline have been previously analyzed (You et al., 2022; 2022a; Yordy et 
al., 2019), which indicates that the siting process of this pipeline was one with high levels of 
con�ict between coalitions and included several legal challenges. While the �nal siting decision 
rests with the Federal Energy Regulatory Commission (FERC), di�erent levels of government 
are involved in the siting process, including local and state governments. �e pipeline was con-
structed in 2017 and became operational in 2018. 

�is pipeline con�ict occurred within a federalist governance arrangement in the United States. 
We may see higher levels of mobilization of citizens and interest groups than in other parts of 
the world; however, we would likely see similarities with other Western democracies in many 
European countries. Much of the Nexus controversy is about the pipeline's location or siting, 
which are policy core beliefs in this study. Many individuals, organizations, and local govern-
ments are opposed to the pipeline running under their communities. �is scenario allows coali-
tions to form on a somewhat one-dimensional issue around the pipeline location.

Other patterns within this con�ict have implications for our analysis. �e �rst is that this 
case pits a large energy company, which primarily comprises the pro-pipeline coalition, against 
many di�erent (and smaller) organizations and individuals in the anti-coalition. �is diversity 
within the anti-coalitions manifests as di�erent emotional-belief dyads about the pipeline. 

Data Source

�e data source for identifying emotion-belief expressions used in this paper is the news media, 
though it could be applied to other sources of discourse. News media is a useful data source for 
this study because it allows for the analysis of emotional statements by allies and opponents in 
the pipeline controversy.1 Newspaper articles have been analyzed in ACF studies as well as oth-
er policy process studies as a means of studying policy debates and actor beliefs (Henry et al., 
2022; Heikkila et al., 2019; Martin & Rose, 2003; Shanahan et al., 2008; Naziz, 2020; Schaub, 
2021), and recent studies of emotions also examine news media (Verhoeven, & Metze, 2022; 
Yordy et al., 2023). News media are also a �tting sample for our study, as Wahl-Jorgenson 
(2019) suggests that news media is important for articulating how others feel, as journalists 
often ask sources how they “feel” as a way of building their narratives. One result is that news 
media is a rich source of emotional statements. Additionally, scholarship has identi�ed news 

1 — News media analysis is not without its limitations, and we are mindful of these as we interpret our results. News-

papers can have selection bias for coverage (Powers & Fico, 1994; Zoch & Turk, 1998; Lawrence 2000; Dunaway 2011) 

and can be sensationalized (Cappella & Jamieson, 1997; Soroka, 2012, Soroka & Wlezien, 2022). Newspapers tend to 

prioritize reporting on con�ict (indicative of how we see more coverage of the anti-side in our results) and coalition 

members with media training can dominate the news cycle. Despite these limitations, news media o�er rich sources of 

emotional data due to their tendencies to use emotions in their narratives (Wahl-Jorgensen, 2019).
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media as a viable tool for examining policy-related issues (Howland et al., 2006). Nonetheless, 

news media still �lter information through journalists and editors, and our method below reli-

ably identi�es emotional expressions, not how actors actually feel. 

We used keyword searches of “Nexus'' and “Pipeline” in Newsbank and Nexus Uni for newspa-

per articles between 2014-2017 across two U.S. states. We manually reviewed all of the articles 

to remove duplicates or articles where the pipeline was not the subject of the article. �is pro-

cess resulted in 372 unique newspaper articles for our analysis. Each article was uploaded to 

Discourse Network Analyzer Software v2 developed by Leifeld (2019), and we manually coded 

each article using our emotion coding approach, which is described below. �e codebook is 

published in Fullerton and Weible, 2024. 

Textual Analysis

�e articles were then uploaded to the DNA software. From here, the authors �rst read the 

articles and then manually identi�ed statements that conveyed a policy core belief, that is, 

what are the policy preferences (location) and what is the policy about (pipeline) and the seri-

ousness of the problem (risk/bene�t). �e authors then identi�ed the emotion associated with 

this belief as conveyed by various actors in the Nexus subsystem. Within these statements, 

we identi�ed the narrating actor of the statements (who was speaking), the emotional-belief 

actor (who was perceived to be feeling the emotion), the emotion (what was being felt), and 

the belief (what the emotion was about). For example, in the statement, “I’m damn mad be-

cause people are getting hurt” coders identi�ed anger as the emotion associated with a belief 

about risks and bene�ts. �is is a self-narrated statement, and the name and a�liation of the 

narrating actor (and emotion-belief actor) is found elsewhere in the text. We then coded the 

same ten articles until we reached eighty-�ve percent intercoder reliability. Once the team con-

sistently reached eighty-�ve percent, one author coded the remaining articles while the other 

checked twenty percent of their work. �ese two authors achieved eighty-�ve percent or higher 

intercoder reliability for coding in this analysis, meaning they found agreement in eighty-�ve 

percent of their codes.  

Narrating actors and emotional belief actors were coded using their full names as provided 

by the newspaper. In addition to their names, we coded their a�liation or organization they 

represented (if there was none, this was coded as public) and their position on the pipeline 

(pro, anti, neutral, undisclosed). We manually assessed the full compilation of statements to 

designate a person as pro, anti, or undisclosed. For example, if one actor had �ve statements 

against the pipeline, that person would be coded as a member of the anti-pipeline coalition. 

Alternately, if an actor had 20 statements, with 17 for and three against the pipeline, and if the 

total collection of statements suggested support for the pipeline, the actor would be coded as 

a member of the pro-pipeline coalition. If it was unclear whether the actor had a pro or anti-

pipeline position, that actor would be coded as undisclosed. If an actor made an equal number 

of pro and anti-statements, they would be coded as neutral (e.g., four statements support-

ing economic growth and four against environmental damage). �e classi�cation of coalition 

members passed the same intercoder reliability standards as the emotion coding. 

Given that we distinguish between narrating actors and emotion-belief actors, emotional ex-

pressions can be analyzed as being narrated for the self (e.g., I feel angry) or about another 

(e.g., they feel angry). Analyzing self and other narrated emotions comes with distinct theo-

retical and analytical implications. For this analysis, we examine self-narrated statements in 

which the actor speaking is describing their own emotions. Overall, 55 actor categories made 

380 self-narrated statements. 
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Our coding approach allows for reliable coding of both explicit emotions (emotions directly 

stated, e.g., mad) and implicit emotions (emotions conveyed using non-emotional words, e.g., 

“who knows?” for uncertainty), which we accredit to the emotional thesaurus developed by 

Yordy et al., 2023.2 �e emotional thesaurus was initially developed by reading news media 

articles and identifying all the emotion words expressed, which were then compared to each 

other and categorized into the 12 emotional categories (want, uncertainty, trust, approval, suf-
fering, obligation, fear, disapproval, content, compassion, careless, and anger)  �e technique is sim-

ilar to the method of explication that rhetoricians use and was led by an interpretive scholar. 

�is approach allowed for the thesaurus to be built from the ground up, and as we applied the 

thesaurus to a new case and sometimes revised it, we found that the 12 categories continued 

to capture reliably and validly expressed emotions. 

Many scholars within the social sciences have developed various emotional categorical ap-

proaches, and while ours is built from the ground up, it is in�uenced by the work of Gordon 

(1990). He reminds us that as we work to classify emotions, we need to consider their micro-

social structures in addition to their resemblances (Turner & Stets, 2005). Our thesaurus, and 

speci�cally how we classify explicit and implicit emotions, speaks to the necessity of consider-

ing context in our work. Because we are building the thesaurus from the emotions found in our 

sample, several emotion words were not included in the thesaurus at the start of the project. 

We continued to build the thesaurus using the following decision rule: If we found a new word 

that we thought might be a new explicit emotion and we wanted to add it to an emotion cat-

egory, we would need to code it consistently across statements; that is, the word would have 

to be coded within the same category across multiple coders and statements. �e team would 

also discuss the work and only include the word in the thesaurus if there was agreement. For 

example, “trauma” would always be su�ering as we agreed that it expressed the same emo-

tion of su�ering across contexts. In contrast, “challenging” is absent from our thesaurus as an 

explicit emotion because it can be coded as su�ering or disapproval, depending on the context. 

�e authors discussed all additions to the thesaurus, and words were included in the thesaurus 

only when there was agreement. If the meaning of the word was context-dependent, such as 

“challenging,” we would still code the word, albeit implicitly. Finally, we included only the root 

word in our thesaurus; for instance, “agree” was taken for approval. However, “agreement,” 

“agrees,” and “agreed” were also coded as approval. �e implicit and explicit coding allowed us 

to consider the context of the statement or article and provided a more accurate identi�cation.

For our coding, we compared our coded emotional expressions to the thesaurus. �e thesaurus 

has 356 emotion words within the 12 categories we used for comparison. For instance, when 

we read the news media statement “We are concerned about the pipeline in our town,” we 

searched the thesaurus for “concern” and found it within the fear category. We coded the state-

ment for both “concern” and fear and marked the emotion as explicit. For implicit statements, 

we coded based on the categorical emotion. For instance,” My wife and I are running out of 

patience,” was coded as “frustration” as the statement was under the su�ering category. We 

coded this statement as su�ering and implicit. By utilizing the thesaurus, the coders were able 

to reliably identify the same emotions in the statements.

2 — �e interpretation of implicit emotions requires contextual interpretation of the text. �us, “who knows?” might 

not always signify the same emotional category.
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Results  

Figure 1 depicts the linkages between emotional expressions and policy core beliefs via the 

emotion-belief dyads. �e network map on the left, with the black nodes, shows the anti-pipe-

line coalition, and the one on the right with the white nodes shows the pro-pipeline coalition. 

For both network maps, the size of the nodes represents the relative proportion of emotional 

expressions per coalition. For example, for the anti-pipeline coalition, twenty-nine percent of 

the 292 self-narrated statements (or eighty-�ve) express the emotion of fear, more (a bigger 

node) than the one percent of the 292 self-narrated statements (or three) that express approv-
al. Similarly, the size of the nodes for the policy core beliefs also represents the relative share 

of all statements per coalition. Tie thickness also illustrates the relative percentage of all ties 

between each expressed emotion and policy core beliefs per coalition. Finally, the rank order of 

expressed emotions and policy core beliefs is shown from largest to smallest for each coalition.

Fig. 1 Coalitions’ Emotions and Policy Core Beliefs-

Source: the Authors

For the anti-pipeline coalition, fear, dissatisfaction, and su�ering represent the most common 

emotions as a proportion of the coalition’s total, or sixty-three percent. Most of these emotions 

link to the pipeline project and its risks and bene�ts. A small proportion relates to the pipeline 

location. In contrast, for the pro-pipeline coalition, approval, trust, and want represent most of 

its emotional expressions (sixty-four percent of the total), and its emotional expressions link 

to the pipeline project and its risks and bene�ts, with few related to the pipeline location.

In some respects, the two coalitions diverge in the proportion of their emotional expressions. 

For example, fear and approval are the most and least expressed emotions for the anti-pipeline 

coalition; the opposite is true for the pro-pipeline coalition. In other respects, there are similar-

ities. Both coalitions express uncertainty with similar frequency, and they rarely express other 

emotions, such as careless (one percent). Moreover, neither coalition expresses the emotion of 

content, which is not shown in Figure 2.

Figure 2 provides an overview of the distribution of the statements and the actor categories in 

two pie charts for each coalition. On the left of Figure 2 is the anti-pipeline coalition comprising 

292 self-narrated statements from 36 actor categories, and on the right of Figure 2 is the pro-

pipeline coalition with 88 self-narrated statements from 19 actor categories. 
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For the anti-pipeline coalition, the actors in the una�liated “public” category make up the 
largest slice with thirty-two percent of its 292 statements, or ninety-three. �e second largest 
category is the Coalition to Reroute Nexus, an interest group dedicated to keeping the Nexus 
pipeline out of the community. �irty contributors to the anti-pipeline coalition fall into small, 
unnamed slices of actors, each making seven or fewer statements or accounting for twenty-six 
percent (or seventy-seven) of the 292 self-narrated statements. For the pro-pipeline coalition, 
Nexus, the pipeline company, contributes the most statements with �fty-three percent of the 
total, or forty-seen. �e public accounts for only seven percent of this coalition’s statements, 
meaning that a smaller share of vocal pro-pipeline advocates were una�liated. 

Fig. 2 Advocacy Coalitions by Actor Category-

Note: Percentages and node size indicate the proportion of statements per coalition for 
emotions and objects. Tie thinness to thickness re�ects low to high number of links be-
tween emotions and policy core beliefs.
Source: the Authors

Lastly, we test whether the di�erent dyad categories in Figure 1 have statistical signi�cance. 
Figure 1 suggests that each coalition has a distinct footprint for its expressed emotions and as-
sociated policy core beliefs. To assess the possibility of such di�erent footprints, we calculate 
the correlations and signi�cance between coalition membership and expressed emotions and 
associated policy core beliefs. We use Quadratic Assignment Procedure (Krackhardt, 1992), 
which accounts for the lack of independence among observations and, through permutations 
of the existing data, calculates the likelihood that our observed patterns are due to chance or 
are unusual enough for us to claim a signi�cant relationship.3

Table 1 presents the results with a statistically signi�cant relationship between coalition mem-
bership and expressed emotions and policy core belief dyads with a correlation coe�cient of 
0.30 (p<0.000). However, no signi�cant relationship is found between coalition membership 
and only expressed emotions with a correlation coe�cient of 0.013 (p>0.10), which under-
scores the importance of examining emotions and beliefs in conjunction. 

3 — We calculated the correlations using QAP on UCINET (Borgatti et al., 2002). To run the calculations, we organized 

the data into the 55 actor categories and the coalition membership (a 55x1 matrix) and the 55 actor categories and the 

expressed coalition emotions and policy core beliefs (a 55x13 matrix), and the expressed coalition emotions (a 55x11 

matrix). Using exact matches, we converted the coalition membership vector to a matrix (55x55). Using Pearson's 

product-moment correlations, we converted the coalitions' emotional expressions, policy core beliefs, and just emo-

tions to square matrixes (55x55).
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Table 1. Correlating Coalitions, Emotions, and Policy Core Beliefs-

Quadratic Assignment

Procedure Correlations

Coalition Membership

Coalition Emotions and Policy Core Beliefs

0.30, p<0.000

Coalition Membership

Coalition emotions (only)

0.013, p>0.10

Correlation coe�cients and statistically signi�cance shown.

Source: the Authors

Whereas Figure 1 splits the data and calculates the proportion of emotions expressed and the 

policy core beliefs per coalition, the calculations in Table 1 combine the data, which is based on 

the proportions of expressed emotions and policy core beliefs per coalition in Figure 1.

To provide a more detailed account of how the coalitions express emotions, we examined the 

data using di�erent techniques in Figure 3. Figure 3 provides a visual layout of the emotional 

expressions for both coalitions for the entire sample of statements using Multi-Dimensional 

Scaling.4 �e Multi-Dimensional Scaling procedure visualizes the relationships between ex-

pressed emotions by placing them in a two-dimensional space. Emotional expressions that are 

close to each other are expressed by similar actor categories. 

We calculate the clusters of only the emotions (i.e., the circles in Figure 3) using Tabu Cluster 

Search Optimization (Glover, 1989; Glover et al., 1995). �e optimal number of clusters is four 

at R2=0.59. Whereas the Multi-Dimensional Scale pulls and places the emotions in proximity 

to each other based on horizontal and vertical dimensions, Tabu Cluster Search Optimization 

ignores issues of dimensionality and clusters based on overall similarities in use across actor 

categories. 

Lastly, we include percentages from the entire sample of statements per coalition next to the 

nodes in the Multi-Dimensional Scaling Figure. �e percentages on the left are for the anti-

pipeline coalition and those on the right are for the pro-pipeline coalition. For example, the 

emotional expression of anger comprises 15 of the 380 statements, all (four percent) made by 

the anti-pipeline coalition and none (zero percent) by the pro-pipeline coalition.

�e leftmost cluster in Figure 3 con�rms the emotional expressions (anger, su�ering, fear, and 

dissatisfaction) used more frequently by the anti-pipeline coalition than by the pro-pipeline 

coalition. For example, the anti-pipeline coalition expresses fear in twenty-three percent of the 

380 self-narrated statements, whereas the pro-pipeline coalition expresses fear in one percent 

of the 380 self-narrated statements. On the far right of Figure 3 lies a single cluster with the 

4 — To conduct the Multi-Dimensional Scaling, we �rst converted the matrix of �fty-�ve actor categories by eleven 

emotions into an 11x11 matrix using Pearson’s product-moment correlations. �e Multi-Dimensional Scaling proce-

dure was then run on UCINET (Borgatti et al., 2002). We also use UCINET and the same 11x11 matrix to calculate the 

Tabu Cluster Search Optimizations.
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emotional expression of approval. �is is the only emotion that the pro-pipeline coalition ex-

presses more frequently than the anti-pipeline coalition. In the middle of Figure 3 lie the �ve 

emotions that both coalitions express with relatively equal frequency: obligation, want, trust, 
compassion, and uncertainty. �e last cluster, careless at the top, is the one emotion that neither 

coalition expresses much. Figure 3 indicates why the correlation between coalitions and emo-

tions is insigni�cant. With some emotions, the two coalitions diverge (clusters on the far right 

and left), and there are other emotions that are roughly the same (clusters in the middle and 

at the top). 

Fig. 3 Emotional Expressions (n=380) as found in the Public Discourse

Analysis conducted with 380 self-narrated pro- and anti-coalition statements (the entire 

sample). Anti percentages are on the left and pro percentages are on the right.  Visual lay-

out is presented using Multidimensional scaling with Stress = 0.12.  Clustering is com-

puted using Tabu Cluster Search Optimization with two clusters at R2= .35, three clusters 

at R2= .51, four clusters at R2= .59 (presented), and �ve clusters at R2=0.50. Percentages 

calculated from self-narrated emotions expressed in the sample (emotions by anti-coalition 

percent, emotions by pro-coalition percent).

Source: the Authors

Discussion & Conclusion 

�is paper develops a better theory and method for studying a�ect and emotional expressions 

in relation to beliefs using Emotion-Belief Analysis under the ACF. In studying a siting of a 

natural gas pipeline, the results show that advocacy coalitions tend to express emotions in 

conjunction with their policy core beliefs similarly to allies and di�erently from opponents. 

�e anti-pipeline coalition expressed various emotions, most often fear, dissatisfaction, anger, 

and su�ering about the pipeline, its risks and bene�ts, and its location. In contrast, the pro-

pipeline coalition primarily expressed approval of the pipeline and its risks and bene�ts. �is 

�nding suggests that the anti-coalition has both more overall statements and emotions than 

the pro and is perhaps indicative of wanting to expand the con�ict. Further examination of 
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EBA and coalition diversity is warranted. Surprisingly, both coalitions expressed some emo-

tions equally, such as desire, uncertainty, compassion, trust, and obligation (though these were 

often attached to di�erent policy core beliefs depending on the coalition). 

�e �ndings show no signi�cant relationship between advocacy coalition membership and 

emotional expressions without connections to policy core beliefs. Coalitions and only emo-

tional expressions are not signi�cant, which makes sense considering that members of two 

coalitions may express anger about two di�erent things. �is speaks to the theoretical and 

empirical importance of coding beliefs with emotions. Coalition members and their emotional 

expressions are only signi�cant when contextualized via their relationship to distinct policy 

core beliefs. 

Overall, the empirical results show that EBA o�ers a more granular level of analysis to the more 

traditional approach to studying coalitions, which tended to focus on coalition members’ posi-

tions about a belief, which can be referred to as “position-belief dyads” (e.g., Jenkins-Smith 

et al., 1991; Zafonte & Sabatier, 2004; Heikkila et al., 2019). To illustrate, Jenkins-Smith et 

al. (1991) coded belief expressions in Congressional testimonies about the outer continental 

shelf oil and gas leasing policy debates. An example of their measures was whether coalition 

members agreed or disagreed with increased regulation. If EBA were applied to their study, 

an emotion-belief dyad might capture, for example, whether a coalition member expressed 

con�dence or fear about increasing regulation. From this perspective, the emotion-belief dy-

ads studied here o�er an alternative approach to the more traditional position-belief dyad for 

studying advocacy coalitions. 

Given that emotion-belief dyads via EBA o�er a comparable and alternative method to the 

more traditional position-belief dyads, one of the major contributions is an expansion of the 

theoretical and methodological toolkit under the ACF. In other words, EBA provides a viable 

tool for studying coalitions when researchers want to understand the manifestations of feel-

ings or a�ect through emotional expressions in conjunction with beliefs. Of course, the poten-

tial gains in knowledge from an EBA-based approach have yet to be tapped. One of the next 

steps is to further develop the theory and methods of EBA’s capacity to identify, examine, and 

analyze belief systems, policy positions, con�icts, and more, which should provide a more de-

tailed picture of the coalition landscape and open up new lines of research on learning and pol-

icy change. As we move forward and look to the future, the following questions seem pertinent: 

How do emotional expressions di�er between deep core, policy core, and secondary beliefs? 

How do emotional expressions correspond to coalition formation, coordination patterns, sta-

bility, and other behaviors? How do emotional expressions di�er between nascent and mature 

subsystems? How do emotional expressions a�ect policy learning and policy change?  

While not attempted in this paper, the EBA might apply to other policy process theories, such 

as the Narrative Policy Framework (Jones et al., 2023) or the Social Construction Framework 

(Schneider & Ingram, 1993). For example, linking di�erent emotional expressions, such as 

fear, to people or actors might be another way to identify the Narrative Policy Framework’s 

villain character. We also anticipate that EBA, perhaps with further modi�cations, could be 

conducive to conducting an amalgamation of interpretive and positivist-style analyses of emo-

tions in policy processes, as advocated by Durnová and Weible (2020) and partially illustrated 

in Yordy et al. (2023). �ere is also potential in linking EBA to the interpretive study of emo-

tions and policy con�icts, as shown by Verhoeven & Duyvendak, Durnová, 2022, and Verho-

even & Metze (2022).
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Incorporating emotions in ACF and policy process research is an essential step in the continued 

evolution of policy process theories, especially to better re�ect human experience. �is paper 

joins others in arguing that emotions and beliefs are phenomena that researchers can tackle 

with systematic and reliable methods (Jasper 2011; Rogers & Robinson, 2014; Kim et al., 2021; 

Fullerton and Weible, 2024). �e stakes could not be higher, as feelings and emotional expres-

sions are essential to understanding political behavior, con�ict, and decision-making in an in-

creasingly politically polarized world. For example, research has shown that individuals who 

vote for far-right candidates feel that they compete with people of color, immigrants, and other 

groups, and that they are excluded democratically, and thus respond to xenophobic rhetoric 

(Hochschild, 2018, Gabehart, 2022; Shucksmith et al., 1994). �ese phenomena, and those re-

lated to emotions are critical to integrate into coalition studies, and EBA is a tool that opens up 

this line of inquiry. Whether or not this is true is not the point—feeling in�uences beliefs and 

behavior and vice versa. When our theories are unable to grasp these feelings and expressed 

emotions or overlook them altogether, we are prevented from beginning to understand the 

political crises facing humanity today.
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Appendix Table 1. Description of emotion categories

Anger Emotion words indicate feelings of discontent and antagonism. �is category 

includes emotion words such as: anger, frustration, ire, “fed up,” a�ront, blame, 

blasted, chafed, defy, enrage, heated, and resentment.

Approval Emotion words indicate feelings of support for someone/something. �is category 

includes emotion words such as: acceptance, admiration, agree, approve, applaud, 

cudos, praise, respect, support, and thank.

Careless Emotion words indicate either an apathy for someone/something or state of dis-

regard for the emotions of others. �is category includes emotion words such as: 

apathy, careless, “don't care,” disregard, sel�sh, uncaring, and unconcemed.

Compassion Emotion words indicate positive feelings towards another person or towards oneself 

with an association of protecting that person from harm or su�ering, �is category 

includes emotion words such as: care, brave, connection, courage, defended, love, 

protect, solidarity, “stand with,” understand, and united.

Content Emotion words indicate an actors positive intemal emotional state without inherent 

association with others (as in compassion where an actor is focused on the 

well-being of another, or as in approval or trust when an actor expresses a positive 

feeling about someone/something). �is category includes emotion words such as: 

calm, comfortable, delighted, enjoy, glad, laugh, pleased, satis�ed, unafraid, and 

unsurprised.



22 In te r n a t ion a l  R e v ie w o f  P ubl i c  Pol i c y,  6 :1

Want (desire) Emotion words indicate feelings of longing or desire for a particular thing or

 outcome. �is category includes emotion words such as: anticipation, appealed, beg, 

desire, eager, hope, need, optimism, want, wish, and urge.

Disapproval Emotion words indicate negative feelings held by an actor about another person, 

their actions, or something (e.g. a policy). �is category includes emotion words such 

as: condemned, criticism, denial, disagree, disappoint, disgraceful, disgust, and 

dislike.

Fear Emotion words indicate negative feelings associated with a danger or threat. �is 

category includes emotion words such as: afraid, anxiety, concern, dire, dread, 

frightened, nerve-wracking, panic, risk, terror, unsafe, and worry.

Obligation Emotion words indicate an internal sense of strong duty or responsibility. �is 

category includes emotion words such as: compelled, dedicated, duty, obligated, and 

responsibility.

Su�ering Emotion words indicate unpleasant or uncomfortable feelings that are an internal 

state and not inherently tied to other people/things (as in disapproval or fear) nor 

tied to antagonism or uncertainty (as in anger and uncertainty, respectively) but 

can be in response to an external stimulus (such as a feeling of hurting after being 

insulte). �is category includes emotion words such as: agitated, awkward, broken, 

cried, desperate.

Trust Emotion words indicate feelings of con�dence or trust of someone/something. �is 

category includes emotion words such as: believe, certainty, commit, con�dence, 

conviction, determination, justi�ed, know, pride, safe, and trust.

Uncertainly Emotion words indicate unpleasant or uncomfortable feelings around something 

unknown or untrusted. �is category includes emotion words such as: confuse, 

disbelief, doubt, mind-boggling, skeptical, suspicion, unsure, and untrusting.


